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Abstract A dialogue-based private secretary system provides some real-time information to a
user using apps unlike a traditional dialogue system. The Spoken Language Understanding (SLU)
module of the private secretary system consists of five components : domain, named-entity, object,
operator and speech-act recognition. This paper proposes a simultaneous recognition method recog—
nition of named entities and objects. The traditional dialogue-based private secretary system has some
problems from using dictionary and rule-based resources. In order to solve these problems, the
proposed system uses the conditional random fields (CRF) for named entity and object recognition.
Moreover, the performance of the system has been improved by adding the high quality ETRI named—
entity dictionary. In the empirical experiments, the proposed system results the higher performance of
1.5% in sentence level than a compared system using dictionary and rule based resources. In a
significance test, we obtain a P-value of 0.11. This difference is considered to be statistically significant.

Keywords: named entity, conditional random fields, object, dialog system
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Table 2 Named entity dictionary feature
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Fig. 12 Performances of named entity and object recognition
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Table 3 Result of one-sided paired T-test

P-value NEDic + CRF
< 0.05(95%) vs. NEDic+ObjectDic+Rule
One-sided Paired-T-Test 0.011
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